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Abstract

Access to academic literature has arguably never been easier than it
presently is, through the Internet and online databases (such as
Google Scholar). However, as the sheer scale of information
available online has grown, algorithms are increasingly used in order
to deal with searching - and this is also the case in relation to the
academic literature. It is now common for online databases to
provide search results sorted ‘by relevance’. However, how
relevance is defined is not clear, and varies according to different
platforms. In this session we will report findings from a recent mixed-
methods study undertaken with the goal of understanding
academics’ beliefs and assumptions about how such rankings work.
Data collection includes an online survey, and in-depth interviews
with a sub-sample of participants. The findings of the study will be
presented, and the practical implications for academics will be
discussed.

Full paper

The academic literature is arguably more accessible than ever
before, through the wide array of platforms which act as sources to
allow searching and access via the internet. Platforms - such as
Google Scholar - which provide access to an ever increasing body of
academic literature often utilise ranking algorithms in order to



manage how search query results are prioritised and presented to
users. The rankings ‘by relevance’ introduce an opaque layer to how
academics engage with the literature, with potentially important
implications for rigour and equity. In this paper presentation, we will
present findings from a study which has been undertaken to explore
these issues.

Such algorithms are intended to aid the user, by providing a
calculated way to present the most ‘relevant’ material from an
unmanageably large number of search results - but can also obscure
exactly why particular literature has been included in search results.
The risk of receiving a restricted or biased view of a research field
when undertaking a literature search is potentially heightened by
use of ranking algorithms in the presentation of search results. This
lack of transparency could have negative impacts on the rigour of
literature reviews and potentially risk creating ‘filter bubbles’
(Matthews, 2021). Furthermore, depending on the types of
information used in the ranking algorithms, there is a risk that the
way in which results are prioritised may exacerbate existing biases
within academic publishing.

A popular and prominent example of a platform which utilises sorting
by relevance is Google Scholar. The Google Scholar website
describes its ranking as follows:

“Google Scholar aims to rank documents the way researchers do,
weighing the full text of each document, where it was published, who
it was written by, as well as how often and how recently it has been
cited in other scholarly literature.” (Google Scholar, 2022).

While a body of research literature exists on the topic of Google
Scholar, a larger body of research focuses upon the relative size and
coverage of its database, while few studies have focused upon how
results are ranked. Findings from previous studies provide further
detail to the definition above, and confirm that the definition of
relevance combines both the content and social information about
articles. The date of publication, keywords in the title (Beel & Gipp,
2009) - but not the frequency of keywords in the text of the article
(Beel & Gipp, 2009) or synonyms of keywords (Kearl et al., 2017) -
have been identified as key factors in determining the ranking.
Furthermore, the number of citations received (Rovira et al., 2019),



author reputation (Google Scholar, 2022), reputation of the
publication or domain (Google Scholar, 2022), and the language in
which a document is published (Rovira et al., 2021) are also
positioning factors in the Google Scholar relevance ranking
algorithms. The latter group of factors draw upon more social
information rather than solely the content of articles. For example,
numbers of citations and reputation metrics for journals may reflect
biases in academic publishing (e.g. Czerniewicz, 2016; Lariviere et
al, 2013) - and combining such factors may exacerbate this.
However, ‘sorting by relevance’ is no longer unique to Google
Scholar, and now a typical feature in online academic literature
databases - but how relevance is defined is rarely clear, and varies
according to platform (Jordan, 2022 forthcoming).

In this paper presentation, we will report findings from a recent study
undertaken in order to examine the assumptions that academics’
have about how such ranking algorithms work, and the practical
implications search algorithms present for engaging with the
research literature. The study uses a mixed methods approach
(taking a lead from a recent study focused on users assumptions
about the Tik Tok algorithm; Klug et al., 2020), with an initial online
survey followed by in depth semi-structured interviews. We will
discuss the findings, and their implications for academic practice.
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